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Abstract

This paper revisits the mortgage interest deduction (MID) in the U.S. and its distribution

across households using ZIP-code level data from the IRS Statistics of Income. Since the

Great Recession, the total and average amount of mortgage interest deducted has fallen

significantly along with the number of deduction claimants as the homeownership rate has

declined dramatically since the peak of the mid-2000’s housing boom. We also use housing

supply as an instrumental variable to better understand how geographic dispersion in housing

prices can account for variation in ZIP-code average MID claims. While housing tax benefits

are concentrated in high-income areas and regions with inelastic supply, the dollar share

of the MID has fallen among the wealthy since the housing bust. We further discuss the

implications for policy changes such as the prospects of capping or eliminating the MID or

relaxing zoning laws.
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1 Introduction

To better understand the political economy of the mortgage interest tax deduction, this

paper seeks to update the work of Gyourko and Sinai (2003) and Gyorko and Sinai (2004)

with an analysis of the newly available IRS Statement of Income (SOI) ZIP code level

mortgage interest data for years from 2011 to 2014.

While Gyourko and Sinai (2003) and Gyourko (2004) use Census data through 1999 and

the NBER TAXSIM model to simulate the distribution of the MID, granular IRS tax return

data has recently become available to researchers. Several prominent papers in the public

finance literature have recently used IRS SOI ZIP-code level data including Amromin and

McGranahan (2015), Kuhn and Rios-Rull (2015), and Desai, Foley and Haines (2016).

While Harris and Parker (2014) provide a brief one year cross-sectional snapshot of the

mortgage interest deduction (MID) broken down by income, geography, and race in 2012,

few papers have thoroughly analyzed how the distribution of the MID has changed over the

course of the Great Recession, a period marked by a significant boom, bust, and recovery in

the housing market.

In this paper, we use ZIP code level data to better understand variation in the MID

across the U.S.. Namely, we use merged IRS Statistics of Income (SOI) ZIP-code level data,

FHFA constant-quality ZIP-code level home price data, and 2010 Census data in addition to

various supply factors such as the GIS measure introduced by Saiz (2010) and the Wharton

Residential Land Use Regulation Index from Gyourko, Saiz and Summers (2008). Such data

can provide better answers in how the MID varies across income, geography and race, and

further explore how the MID is explained by home prices and supply factors.

For instance, we find that with our 2011-2014 merged data that 39.1% of ZIP code MID

benefits are concentrated in the most inelastic bottom quartile of ZIP codes when sorting

ZIP codes by the Saiz (2010) housing supply elasticity measure. Unsurprisingly, our findings

show that high MID claims are geographically concentrated in areas of high housing price

growth such as on the coasts (San Francisco-Bay Area, Los Angeles, New York City Tri-State
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Area, Washington D.C.) and other regions with relatively inelastic supply (Chicago).

While mortgage subsidies affect home ownership costs by reducing effective mortgage

rates and increasing home prices, higher home prices can also increase the size of mortgages

and the amount of mortgage deducted. To overcome this endogeneity problem, we use various

supply measures to instrument on changes in price like Mian and Sufi (2011) only instead

of explaining variation in ZIP code average household leverage and consumption variables,

we use such an instrument to explain the variation in the ZIP code level MID. In doing so,

we find that higher price growth (identified through more inelastic supply) is a statistically

significant predictor of higher MID claims.

The paper proceeds as follows: Section 2 discusses related literature. Section 3 describes

the theory, data and empirical strategy around understanding variation in the mortgage in-

terest deduction. Section 4 investigates the regression results. Section 5 provides a conclusion

of our findings.

2 Literature

Gyourko and Sinai (2003) document where the tax benefits to owner occupied-occupied

housing flow spatially across the United States. The tax benefits to owner-occupied housing

is calculated as the difference in taxes paid by homeowners and what they would pay if they

were indifferent to investing in their home relative to other assets. Using 1990 Census tract

data, they find the home ownership tax benefit amounted to $164 billion nationally on an

annual basis. Those who benefited most from this program were concentrated in three large

Consolidated Metropolitan Statistical Areas (CMSAs). The New York City-Northern New

Jersey CMSA, the Los Angeles-Riverside-Orange County CMSA, and the San Francisco-

Oakland-San Jose CMSA receive over 75% of all positive net benefits, according to Gyourko

and Sinais data.

Gyourko and Sinai (2003) further find that although only 10% of the home owners in
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the United States live in California, the state receives 25%, or $41.5 billion, of the national

aggregate benefit flow of housing-related tax benefits. The data states that California is the

biggest net recipient of tax benefits in aggregate, amounting to $2,211 per household and

$3,953 per owner-occupied housing unit.

A critical finding of Gyourko and Sinai (2013) is the high degree of residential segregation

by income in metropolitan areas, meaning those with the highest incomes, marginal tax rates,

and house values tend to live close to one another.

Gyourko and Sinai (2004) similarly run a simulation using Census tract data across

decades and find that while the tax subsidy per household remained approximately un-

changed in the decade between 1979 and 1989, it rose dramatically between 1989 and 1999.

They estimate that in 1979, owners in the top 20% highest subsidy MSAs received benefit

flows of 2.7 to 8.0 times that of the subsidies obtained by owners in the bottom 20% MSAs.

Gyourko and Sinai found that, by 1999, this calculation had surged to a range of 3.4 to 17.1.

They further find that the regions that receive the highest benefit per household are

concentrated in California and the New York-Boston area. They argue that relatively higher

taxes in these areas can account for part of the high concentration in benefits; however, high

and rising home prices are most responsible for the significantly skewed spatial distribution

of benefits in the U.S..

Gyourko and Sinai (2004) further find that the significance of high and rising home

prices to the size and distribution of the mortgage interest deduction is further displayed

when considering the decline in marginal and average tax rates between 1979 and 1999.

Although marginal and average tax rates decreased between 1979 and 1999, owners in 1999

received approximately 20% higher benefits than those in 1979 at the national level. Even

though the tax subsidy per dollar of housing declined during this period, the value of the

subsidy rose and thus this could be accounted for by rising house prices, particularly in key

coastal areas of the country.

In more recent research, Harris and Parker (2014) using IRS Statement of Income (SOI)

4



ZIP code level data from 2012, find that approximately 50% of the aggregate mortgage

interest deductions are claimed by 20% of zip codes; zip codes with high claiming rates are

disproportionately white, middle-aged, and married; and counties west of the Mississippi

River, on the East Coast, and in California disproportionately benefit from the MID.

The claiming rates, or the percent of tax returns with mortgage interest paid, increase

with income. Harris and Parker (2014) further find that zip codes in the top AGI decile have

a MID claiming rate of 36.9%, over three times that of the bottom AGI decile, which has a

MID claiming rate of 9.9%. Harris and Parkers research shows that a majority of zip codes

have claiming rates of less than 20% and only 6.4% of zip codes have claiming rates of 40% or

higher. According to Harris and Parker, ZIP codes with claiming rates of 40% or higher differ

in marital, age, and race composition. In these high-claiming ZIP codes, 65.4% of households

are married-couple families whereas only 23.3% are singles or those sharing residences with

unrelated individuals. On the contrary, in sub-40% claiming zip codes, the corresponding

percentages are 47.3% and 34.6%, respectively. With respect to age composition, 14.9% of

the population in high-claiming zip codes is in the 20-34 range while this figure increases to

20.9% in sub-40% zip codes. In the 35-54 age group, this number increases to 32.3% in the

high-claiming zip codes and to 27.4% in the sub-40% claiming ZIP codes. In addition, in

regards to racial composition, 82.5% of the population is white and 5.6% of the population

is African American in high-claiming zip codes. On the other hand, 73.3% of the population

is white and 13.4% of the population is African American in low-claiming ZIP codes.

Gyourko and Sinai (2003) further find that the mortgage interest deduction program is

more regressive than the tax code is progressive. In analyzing how the MID varies across

income, geography and race, it is important to understand the magnitude of this highly

regressive program, and how its regressive nature impacts our country nationwide. As afore-

mentioned, Gyourko and Sinai find that, based on the 1990 data, the tax benefit amounted

to $164 billion nationally on an annual basis. Since the publication of their paper in 2003,

the size of the program and its corresponding impact on the country have increased.
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As of 2014 at the time Harris and Parkers paper was published, the mortgage interest

deduction on owner-occupied homes was the largest major tax expenditure for homeowner-

ship that the federal tax code permitted. According to the Tax Policy Center, this trend is

expected to continue going into fiscal year 2018. Of the largest tax expenditures for fiscal

year 2018, the mortgage interest expense on owner-occupied residences is estimated to be

the 7th largest. The Tax Policy Center also finds that some tax expenditures are larger than

the entire budgets of the programs or departments that spend money for the same or related

purposes. For example, the value of the tax breaks for homeownership exceeds total spend-

ing by the Department of Housing and Urban Development (Tax Policy Center Website).

The extent of the value of tax breaks for homeownership is highlighted when considered in

this context and further underscores the impact of its regressive nature on the country as a

whole. As we run a simulation using ZIP code level data to best explain how the distribution

of the MID has changed since 1998, we will simultaneously show the extent to which this

program has grown.

While other studies have either attempted to simulate or model the mortgage interest de-

duction (Poterba (1984), Rosen (1985), Glaeser and Shapiro (2002), and Rappoport (2016)),

little other work on the MID has been done using ZIP-code level IRS SOI data.

However, much academic has been done on changes in supply in recent years which, as

we know from Gyourko and Saiz (2003, 2004), is closely related to distribution of the MID.

In creating the Wharton Residential Land Use Regulatory Index (WRLURI), Gyourko,

Saiz, and Summers (2008) measured the differences in local land use regulatory climates

across the country. In their survey sent to over 3,000 zoning authorities, they have three cat-

egories of questions: general characteristics of the land regulatory process, rules of residential

land use regulations, and specific traits of the land use regulation environment.

At the state level, they find that the states in the northeast are among the most highly

regulated as New Hampshire, Massachusetts, and Rhode Island have WRLURI values that

are approximately 1.5 standard deviations above the national average. The remaining top
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ten states with the most heavily regulated communities consist of those in the mid-Atlantic

states followed by Washington state, Maine, California and Arizona. The states with the

least regulated communities, as calculated by the WRLURI index, consist of those in the

south or Midwest, in addition to Alaska. Using the WRLURI data, they further find a

strong correlation between community wealth and the degree of local land use regulation. In

addition, the higher the median family income, median house value, or the share of adults

with college degrees, the greater is the given communitys WRLURI value.

Saiz (2010) estimates the amount of developable land in U.S. metropolitan areas through

processing GIS satellite-generated data on terrain elevation and presence of water bodies.

Saiz finds that most areas with inelastic housing supply are severely land-constrained by

their geography and regulatory constraints which he argues are endogenous to prices and

demographic growth.

Mian and Sufi (2009, 2011) and Mian, Rao and Sufi (2013) similarly examine ZIP code

level average household leverage, defaults, and consumption, and attempt to examine the

influence of price growth on such variables in using supply as an instrumental variable.

In our study, we take a similar approach but rather aim to examine the influence of price

growth and other variables on the MID using supply as an instrument.

3 Theory, Data and Empirical Strategy

3.1 Theory

According to the Poterba (1992) user cost equation, a standard no-arbitrage asset price

model of housing, the presence of a mortgage interest deduction decreases the user cost

of owning. Holding rents equal, a mortgage interest deduction should have the effect of

increasing prices.

R = [(1 − τ)(α)r + (1 − τ)(1 − α)i+ (1 − τ)τp +m+ δ + γ − π] ∗ PH (1)
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where τ is the income tax rate, τp is the property tax rate, α is the LTV ratio, r is the

mortgage interest rate, i is the savings rate, m is maintenance, δ is depreciation, γ is the risk

premium on housing, π is the expected appreciation on a property, PH is the home price,

and R is the user-cost, or rent assuming that the individual is perfectly indifferent between

renting and owning.

3.2 Data

3.2.1 FHFA Constant-Quality ZIP Code Level Home Price Data

For housing price data, we use annual constant-quality ZIP-code level home price data

from the FHFA. Such FHFA price data has advantages over other popular home price data.

While Zillow also offers granular ZIP code level price indices, it does not adjust for the quality

of houses sold as the FHFA data does. Hence, comparing such Zillow data cross-sectionally

across areas with different housing stocks could create biases. Case-Shiller home price data

on the other hand, while constant-quality adjusted, is not available on the ZIP code level.

3.2.2 Housing Supply Data

We use various supply factors such as the GIS-measure introduced by Saiz (2010) and

the survey-based Wharton Residential Land Use Regulation Index (WRLURI) measure from

Gyourko, Saiz and Summers (2008). Both capture only 269 MSAs and as a result will not

capture every ZIP code for which IRS data exists, however, these remain among the best

housing supply measures currently available.

3.2.3 Mortgage Interest Deduction (MID) Data

For data on the MID, we use IRS Statistics of Income (SOI) ZIP code level data which

is made available for years 2011 through 2014. In addition, the IRS provides aggregate level

MID data and MID data broken down by individual incomes from 1993 to 2016.
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From the SOI ZIP-code dataset, there are over 27,000 ZIP codes for which we have both

mortgage interest deducted and the number of individuals claiming the mortgage income.

We also have various other variables at the ZIP code level that the IRS collects such as

adjusted gross income (AGI).

Figure 1 plots the total number of people in the U.S. claiming the MID from 1993 to

2016. During the 2000s housing boom, the number of the MID claimants steadily increased

along with homeownership rates. However, since the housing bust began in 2007, the total

number of MID claimants has fallen. While Gyourko and Sinai (2003, 2004) in part attribute

changing MID variance to shifting marginal income tax rates, during the time period between

1993 and 2016, the top marginal income tax rate varied little (between 39.6% in the Obama

and Clinton years and 35% during the George W. Bush administration years).

Figure 2 plots the total mortgage interest tax subsidy by year from 1993 to 2016. Sim-

ilarly, the total mortgage interest deducted increased during boom and has continually de-

clined since the housing bust despite a rebound in prices. This might suggest that the effect

of declining homeownership outweighs the impact of rising prices in aggregate mortgage

interest deducted.

Figure 3 plots the average mortgage interest deduction per claiming household from 1993

to 2016. Here, the average mortgage interest deducted increased during boom and since the

housing bust has fallen significantly following the bust.

Figure 4 plots the average mortgage interest deduction by tax return AGI bucket from

1993 to 2016. Buckets include above $1 million in annual income, between $500,000 and $1

million, between $250,000 and $500,000, between $125,000 and $250,000 and several lower

income ranges.

Unsurprisingly, the MID is highly disproportionate and regressive. The average per-

son making above $1 million in annual income deducts above $20,000 annually on average

whereas the average person making less than $125,000 deducts somewhere between $6,300

and $8,000. The lower bound on the size of MID is approximately $6,300 as in order to be
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able to claim itemized deductions (including the mortgage interest deduction), they have

to be more than an individuals standard deduction. The standard deduction ranges from

$6,300 for single or married individuals filing individually or $12,600 for those married filing

jointly or $9,300 per head of household. For this reason, the minimum mortgage interest

deducted conditional on claiming the deduction has historically been between $5,000 and

$6,300 since 1993.

Interestingly, the average amount of mortgage interest deducted by affluent households

has fallen considerably since 2008. Households making above $1 million in annual income

saw this largest decline in average mortgage interest deducted in nominal dollar amounts.

In percentage terms, this groups MID decreased by -34.63% from 2008 to 2014, while those

making between $500,000 and $1 million saw a -34.92% decline. Those making between

$200,000 and $500,000 saw a -37.18% decline in their average MID while those with incomes

between $100,000 and $200,000 experienced a -33.06% decline.

Looking across ZIP codes, Table 1 provides the Summary Statistics for the Mortgage

Interest Deduction, House Price, Supply Elasticity, and the WRLURI Index. In our ZIP

code level data from 2011 to 2014, the median value for the average ZIP code MID was

$7,430, the mean value was $8,084, and the distribution is skewed across ZIP codes. During

this period, the median value for annual price growth across ZIP codes was 0.01% while the

mean value was 0.62%. The median value for housing elasticity across ZIP codes, according

to the index used in Saiz (2010), was 1.65 with a mean value of 1.96. The median value for

the WRLURI index across ZIP codes was 0.05 and the mean value was 0.11.

Table 2 displays the MID and Price Growth Summary Statistics by Supply Elasticity

Quartile. Across the 40,000 zip codes, we calculated the average MID deduction, the total

mortgage interest deduction, and the FHFA annual home price growth percentage distri-

butions across supply quartiles. The households in the bottom quartile of supply elasticity

receive an average MID deduction of $10,656 and an aggregate mortgage interest deduction

of $35,157,175,884, which is 39.10% of the total mortgage interest deduction in the country.
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In addition, these households in ZIP codes with the most inelastic supply have experienced

annual home price growth of 2.18% in our data from 2011 to 2014.

On the other hand, the households in the top quartile of supply elasticity receive

an average MID deduction of $6,973 and an aggregate mortgage interest deduction of

$14,274,800,125, which is 15.88% of the total mortgage interest deduction in the country.

These households in ZIP codes with the most elastic supply have only experienced 0.18%

annual home price growth in our data from 2011 to 2014.

This data illustrates that the quartile with the most inelastic supply receives a total

mortgage interest deduction of approximately 2.46 times that of the quartile with the most

elastic supply. Furthermore, home prices in the quartile with the most inelastic supply

appreciated by 2.0% more per annum than home prices in the quartile with the most elastic

supply.

Figure 5 plots the number of MID claimants by each ZIP code whereas Figure 6 plots

the average MID deduction by each ZIP code. High MID claims are geographically concen-

trated on the coasts (San Francisco-Bay Area, Los Angeles, New York City Tri-State Area,

Washington D.C.) and other regions with relatively inelastic supply (Chicago).

3.3 Empirical Strategy

After merging our respective datasets for the MID, prices, and housing supply, we have

matched supply for 21,069 ZIP codes. The unmatched data is largely a result of ZIP codes

that are not in the 269 MSAs for which we have supply data from either Saiz (2010) or Saiz,

Gyourko and Summers (2007).

With our merged dataset, our series of empirical tests exploits variation across MSAs

in housing supply elasticity to explain geographic variation in the MID using our merged

ZIP-code level MID data from 2011 to 2014.

We follow Mian and Sufi (2011) in using housing supply data as an instrumental variable

(IV) to identify how exogenous shocks in price growth vary with MID variation. Like Mian
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and Sufi (2011), we argue that supply would only impact MID variation through the price

channel and not by some other means, a strict condition of instrumental variables to avoid

confounding endogeneity.

We then employ a two stage least squares (2SLS) model which works as follows:

HousePriceGrowthi,z,m = δXi,m,t + ρHousingSupplym + εi,m,t (2)

MIDi,z,m = θXi,m,t + β ̂HousePriceGrowthi,m,t + i,m,t (3)

where MIDi,z,m is the average MID deducted in MSA m, ZIP code i for year r,

HousePriceGrowthi,m,t is the annual housing price growth as a % in MSA m, ZIP code

i for year r, and HousingSupplym is the housing supply variable in MSA m (in other anal-

ysis we use both supply elasticities from Saiz (2010) and the WRLURI from Saiz, Gyourko

and Summers (2007). A further step in our research would be to use more granular supply

data such as the density of Census housing permit data.

4 Results

The intuition of our empirical tests is relatively straightforward: for an equivalent housing

demand shock, the slope of the housing supply curve determines the degree to which housing

prices rise in an area. The fundamental insight of Glaeser, Gyourko, and Saiz (2008) is that

this relationship holds under most models of house price evolution: an increase in housing

supply puts an upper bound on house price appreciation in MSAs with elastic housing supply.

In Table 2, we show evidence consistent with this intuition. The panel shows the growth in

average house prices for MSAs in the highest and lowest quartile categories based on the Saiz

(2010) housing supply elasticity measure. The most elastic housing supply MSAs experience

almost no increase in house prices from 2011 to 2014, with a mere price growth annual rate

of 0.18%. In contrast, inelastic housing supply MSAs experience substantial growth over the
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same time period. The housing price growth pattern in Table 2 is also seen in our first-stage

regression estimate in column 1 of Table 3, which shows a strong effect of housing supply

elasticity on house price growth. The magnitude of the coefficient, which is statistically

significant at the 1% level, suggests that a one standard deviation decrease in MSA housing

supply elasticity leads to an approximately one half standard deviation increase in annual

housing price growth during our sample period from 2011 to 2014. This estimate is very

close to the coefficient measured in a similar first stage regression from Mian and Sufi (2011)

who instead regress CoreLogic price data on the Saiz (2010) supply measure.

Similarly, in a different first stage specification (column 2) where we instead use the

WRLURI as our housing supply measure, a one standard deviation increase in WRLURI

leads to an approximately one half standard deviation increase in annual housing price

growth. Both coefficient estimates are consistent with the idea that inelastic supply is

conducive to price growth in the events of shocks to demand.

From our second-stage regressions (columns 4 and 5), a one percentage point increase in

instrumented annual house price growth leads to an approximately $1923.14 larger average

MID deduction for a ZIP code when we used the Saiz (2010) data as our instrument (column

4). When using the WRLURI as our instrument (column 5), our second stage regression

then finds that a one percentage point increase in instrumented annual house price growth

leads to an approximately $2681.91 larger average MID deduction for a ZIP code. Both

these numbers are statistically significant at the 1% level.

Interestingly, our second stage regressions have relatively high R2 values of 0.18 and

0.14 respectively, suggesting that instrumented price growth does a decent job of explaining

variation in the average MID across ZIP codes.

Indeed, the “superstar” city phenomenon is closely related to variation in the MID.

Gyourko, Mayer and Sinai (2013) present that the large long-run differences in average house

price appreciation across MSAs over the past 50 years can be explained by inelastic supply

of land and an increasing number of high-income households nationally. They discuss the

13



phenomenon of “superstar” cities, or cities with persistently high house price appreciation

relative to housing unit growth, and how the resulting high house prices in these cities crowd

out lower income households. If the “superstar” city phenomenon continues to exist, then

the impact of the mortgage interest deduction and its unequal spatial distribution will be

further intensified. Lower income households will be be crowded out of these high-income

and high house price MSAs and will be pushed towards other communities with lower high-

house prices. The size of a household’s mortgage interest deduction is predominantly affected

by home price and, as a result, the low income households will receive a decreasing amount

of the mortgage interest deduction in the case that this phenomenon persists.

Gyourko, Mayer and Sinai (2013) also argue that the growing dispersion of house prices

is a “consequence of aggregate population growth and the skewing of incomes nationally in-

teracting with preferences for location and differences in local supply conditions”. Aggregate

population growth in the coming years will be strongly influenced by the new administra-

tions immigration policies. If the Trump administration contracts the number of immigrants

in the United States to the extent that it proclaims, then aggregate population growth may

fall and this would be expected to deflate the superstar phenomenon. However, there is no

indication that the increasing trend of the skewing of incomes nationally will decrease in the

near future, suggesting that these superstar cities may continue to receive disproportionate

amounts of the mortgage interest deduction.

5 Conclusion

Few papers have explored the mortgage interest deduction (MID) at a granular level since

Gyourko and Sinai (2003) and Gyourko and Sinai (2004). In this paper, we merge IRS SOI

ZIP code level data, FHFA constant-quality ZIP code level home price data, in addition to

various supply factor measurements to better understand variation in the MID across the

United States.
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Using IRS SOI data that for years 2011 to 2014, we find that 39.1% of the housing tax

subsidy is concentrated among the bottom quartile of ZIP codes when sorting by the Saiz

(2010) supply elasticity.

Looking at aggregate IRS data since 1993, we find that the total mortgage interest

deducted, the average mortgage interest deducted by household, and the total number of

claims deducting mortgage interest rose during the housing boom of the mid-2000s. These

numbers have fallen significantly since the housing bust in the late-2000s and have continued

to decline since then along with homeownership rates.

In particular, when looking across incomes, the average MID rate has fallen significantly

since the housing bust, suggesting that the MID has potentially become less regressive as a

consequence of declining homeownership rates.

The conclusions stated above have several implications for policy. First, by eliminat-

ing the MID altogether, the U.S. Treasury Department could raise more than $200 billion

per year, holding all else constant. Although the Trump administration has introduced a

framework for tax reform, its most recent plan for tax reform promises to leave the MID

untouched. Capping or eliminating the MID could raise tax revenue that offsets the revenue

loss from significant rate reductions in the U.S. tax code.

Second, dampening zoning and land use regulations could potentially have the long-run

impact of slowing price-growth in areas of inelastic supply (such as in U.S. coastal cities)

and reduce the wide dispersion and regressivity in mortgage interest deducted.

One area of further research would be to use even granular IRS household level microdata

to explore variation in the MID further, a task that would require special sworn-status access.

We hope that further studies can similarly use granular data to further examine the

impact of mortgage subsidies across countries. While countries like the U.K. have abandoned

their mortgage interest deduction, the majority of developed countries still have mortgage

interest deductions in their tax codes, which are yet to be fully understood.
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Figure 1. Total Number of IRS Tax Returns Claiming The Mortgage Interest Deduction By Year 

 

 

Source: IRS SOI 
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Figure 2. Total Number Mortgage Interest Deduction Amount By Year (Nominal $000’s) 

 

 

Source: IRS SOI 
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Figure 3. Average Mortgage Interest Deduction Per Claiming Household  

 

 

Source: IRS SOI 
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Figure 4. Average Mortgage Interest Deduction By Adjusted Gross Income ($) 

 

 

Source: IRS SOI 
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Figure 5. Total Number of MID Claims By ZIP Code in 2014 

 

Source: IRS SOI 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 

Figure 6. Average MID Deduction By ZIP Code in 2014 

 

Source: IRS SOI 

 



 

 

 

N Mean 1% 25% 50% 75% 99%

71812 $8,084 $4,291 $6,201 $7,430 $9,238 $17,960

N Mean 1% 25% 50% 75% 99%

70624 0.62% -14.94% -3.32% 0.01% 3.86% 20.66%

N Mean 1% 25% 50% 75% 99%

44156 1.96 0.63 1.07 1.65 2.55 5.45

N Mean 1% 25% 50% 75% 99%

44156 0.11 -1.27 -0.43 0.05 0.55 1.70

Average MID Distribution Across Zip Codes (IRS SOI Data)

FHFA Annual Home Price Growth % Distribution Across ZIP Codes

Saiz (2010) Housing Elasticity Distribution Across ZIP Codes

Wharton Residential Land Use Regulation Index (WRLURI) Distribution Across ZIP Codes

Table 1.  Summary Statistics For Mortgage Interest Deduction, Housing Price and Supply Elasticity Data

<25% (Most Inelastic) 25%-50% 50%-75% 75%+ (Most Elastic)

$10,656 $9,041 $7,570 $6,973

<25% (Most Inelastic) 25%-50% 50%-75% 75%+ (Most Elastic)

$35,157,175,884 $23,794,203,590 $16,691,069,452 $14,274,800,125

39.10% 26.46% 18.56% 15.88%

<25% (Most Inelastic) 25%-50% 50%-75% 75%+ (Most Elastic)

2.18% 1.60% 0.26% 0.18%

Average Mortgage Interest Deduction Distribution Across Saiz (2010) Supply Quartiles

FHFA Annual Home Price Growth % Distribution Across Saiz (2010) Supply Quartiles

Total Mortgage Interest Deduction Distribution Across Saiz (2010) Supply Quartiles

Table 2.  MID and Price Growth Summary Statistics By Saiz (2010) Supply Elasticity Quartile 



 

Left-hand side variable

OLS Regression

Choice of Supply Variable Saiz (2010) WRLURI - Saiz (2010) WRLURI

Housing Supply -0.593 0.538 - - -

0.000 0.000

*** ***

Annual Housing Price Growth (%) - - 18.396 - -

0.000

***

Instrumented Ann. Housing Price Growth (%) - - - 1923.114 2681.906

0.000 0.000

*** ***

Constant 2.192 0.974 8098.849 6536.978 5754.904

0.000 0.000 0.000 0.000 0.000

*** *** *** *** ***

R-Square 0.01 0.00 0.00 0.18 0.14

Average Mortgage Interest Deduction

Table 3.  Regressions The Effect of House Prices On The Mortgage Interest Deduction for Homeowners Between 2011-2014

Annual Housing Price Growth (%)

First Stage Regressions 2SLS Regressions


